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Now we sum the squared difference scores. This will give us something called the sum of squares, the 
sum of each score’s squared deviation from the mean. In this example, the sum of squares is 42.50.

With our sum of squares calculated, we can now finish computing the variance. To do so, we need the mean 
sum of squares but with one qualification. Specifically, rather than divide the sum of squares by the sample size of 
10, we need to subtract 1 from the sample size. Why do we need to subtract 1 from the sample size? There is likely 
less variability in a sample than in that sample’s corresponding population. Therefore, we try to obtain an “unbiased 
estimate” of the population variance based on our sample data. By making the variability greater (by decreasing 
the denominator), we are “correcting” for the fact that there is more variability in a population than in a sample 
because the population is larger than the sample.

As an expert on the mean from the previous chapter, you know what to do at this point. Take the sum of 
squares and divide it by the number of scores in the dataset minus 1.1 Doing so gives us
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Variance = 4.72

At this point, I have some good news and some bad news. Let’s get the bad news out of the way. Variance is 
typically not reported in research. Frankly, it is difficult to interpret in any meaningful way. This 4.72 we 
just calculated does not have any useful meaning to us. You might be asking why we bothered to calculate 
it. That leads to the good news. We need the variance to calculate the standard deviation, our last measure 
of variability. It is the standard deviation that researchers use most often to describe the variability of a 
dataset.

Sum of squares: sum of each score’s squared deviation from the mean.

Standard deviation

Conceptually, the standard deviation is the average amount by which scores in a dataset tend to vary around 
the mean. You might be thinking that it sounds a lot like the variance, and it is. Recall that when computing the 
variance, we needed to square the difference scores to remove the negative difference scores. Now we need to 
“undo” this procedure. To do so, we take the square root of the variance. Thus, we have

Standard deviation = 4 72.

= 2.17

That’s it. Formulaically, we have
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Standard deviation: measure of the extent to which scores in a dataset tend to vary around the mean.


